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AFIT-ENC-MS-17-M-181
Abstract

For decades, cost growth studies have been plentiful surrounding Department of
Defense acquisitions. Many different angles have been looked at to try and discover how
to better estimate cost, what causes cost growth, and how to mitigate it. This research
addresses this through examining cost growth from a longitudinal perspective, evaluating
cost growth factors at major program reviews, and assessing the cost growth by applying
color rating metrics. The results of this analysis show that breaking cost growth into
longitudinal segments of a programs lifecycle allows the true behavior of cost growth to
be seen, when it can often be masked in the traditional approach of evaluating lifecycle
cost growth. Additionally, when applying the proposed color rating system to cost
growth factors, significant variables are found to have dependencies with cost growth
factor color ratings. Significant relationships shown in the results were most commonly
like-color predictor and response variables. Additionally DT&E is shown as a flag for

high cost growth issues during a program lifecycle.
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A LONGITUDINAL STUDY AND COLOR RATING SYSTEM

OF ACQUISITION COST GROWTH

I. Introduction

General Issue

The Department of Defense (DoD) has been facing steady pressure to reduce
spending and program waste, and the near future will likely maintain this downward
pressure. Since 2010, the DoD budget has demonstrated a decreasing trend, as the
administration attempts to regain control of government spending. Figure 1, taken from the
2016 Annual Report on Performance of the Defense Acquisition System, shows the DoD
funding by budget accounts through the 2017 President’s Budget (PB). This highlights the
steep drop in funding the DoD is facing in today’s acquisition environment, which means
increasing pressure on current programs, forcing them to perform efficiently and effectively
with the funds that they manage.

While cost growth has historically been a burden on DoD funds, the increased
scrutiny and oversight on budget and performance increases the necessity of more reliable
cost estimates and tighter management of program cost growth.

DoD budgets are based on program inputs, and resources are planned and allocated
accordingly. When these costs become unreliable due to cost growth, future budgets must
adjust for the increased cost, constraining the flexibility of decision makers. Ultimately, as
programs struggle to compete for limited resources to cover growing costs, the warfighter
suffers from lost capability that cannot be funded, or must delay until further resources are

available. Therefore, enhancing the ability of programs to predict, identify, and manage

1



cost growth can allow for a more accurate management of resources and, in turn, likely
reduce the need for unidentified resources in the future. This presents the DoD with the task
of grasping a firm understanding of how cost growth behaves throughout a programs

lifecycle, how to mitigate it when possible, and how to manage it when present.
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Figure 1: DoD Budget by Funding Account

Problem Statement

Historical performance of DoD programs shows that initial estimates are often over-
optimistic compared to final program costs. In most circumstances, the initial estimate is
constructed and baselined at Milestone B, when programs first become a program of record.
The difficulty in estimating here is the multitude of changes a program will undergo over
the course of its post-Milestone B lifecycle. It has been called to attention that even after

accounting for uncertainty in their cost estimates, the official estimate is often looked at as a

2



point estimate with little to no consideration for a change in trajectory, and no indication of

uncertainty in the eventual budget process (DeNeve et al. 2015). This opens the flood gates

for cost growth when comparing actuals back to this initial baselined estimate. So while the
cost estimator is often burdened with the responsibility of accurate cost estimating, they are

often an easy target to blame when cost growth goes rogue.

The GAO report in 2009 made waves when they reported the change to total
acquisition cost from first estimate is 26%. This number is staggering, when you realize the
planned commitments were at $1.6 trillion (GAO, 2009). However, cost growth studies
have shown the figure to realistically be upwards of 50% (Arena et al., 2006). IDA and
RAND both compiled studies in attempt to capture the full extent of cost growth over a
program’s lifecycle. These studies both showed more realistic cost growth estimates were
45 and 46% respectively (Cancian, 2010). While the cost estimating career field has
expanded its role in recent years, the challenges that come with the nature of the unknown
make accurate cost estimating a difficult task. If the strength of initial program estimating
accuracy cannot necessarily be improved, monitoring the patterns of cost growth becomes
increasingly important.

Common issues that typically lead to cost growth are unclear or undefined
requirements, schedule delays, and technological complexity. Since it is unrealistic to
assume all cost growth can be prevented and eliminated, helping management accurately
forecast how cost growth affects the overall cost can be a valuable tool in early
identification and risk reduction. Porter et al. (2009) describe one of the primary causes of
cost growth to be weakness in management visibility, direction and oversight. Part of this

remains due to the limited tenure of management personnel, and the nonstop rotation of



decision makers. Often times decision makers are focused on the here and now, instead of
the program completion that may be 10-15 years down the road. When problems are
outside of the scope of their term, management can “kick the can” for a while. However, if
decision makers have cost growth data that can be applied longitudinally throughout the
entire lifecycle of a program, it becomes a more relevant part in the acquisition
environment. Instead of accepting a “rule of thumb” figure for overall cost growth, using
this research to help segment cost growth into short-term sections, makes the management
oversight firsthand and something that decision makers can actively engage in real-time cost
growth management.

As subsequent chapters explain, this research identifies the pattern of cost growth
over the life of a program. In addition to identifying trends in cost growth, this research
develops statistical guidelines of how cost growth may react given previous performance at
specified milestones, enabling managers to more accurately predict future program cost

growth levels.

Research Objectives and Scope

The objective of this research is to provide a tool for program managers and decision
makers to determine where cost growth levels will project, given cost growth incurred
during previous program milestones achieved. This research culminates in a color coding
system to help identify cost growth risk, and identifies significant predictor variables for
each color rating identifier.

For the scope of this analysis, 36 Aircraft programs across DoD are examined and
their cost growth performance is evaluated across 4 critical evaluation points between the,

initial Development Estimate (DE) at Milestone B and the final or most Current Estimate
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(CE) available. Cost growth is measured by the cost growth factor (CGF), better defined as
the ratio of actual cost to the estimated costs. When the CGF calculated is greater than 1.0,
it indicates cost growth from the original estimate, an undesirable direction for the DoD
program. Each program is evaluated at these specified program review points, and the CGF
is documented accordingly. These trends are then mapped to a color rating system, which is

defined in Chapter IlI.

Research Questions
This research is focused on addressing to major research questions.
1. How does cost growth behave differently between a segmented longitudinal
perspective and a traditional lifecycle perspective?
2. What significant predictor variables forecast a given program review cost growth
position?
To address these questions, an analysis of trends and traits of programs is conducted to find
associated cost growth, to help identify causes associated with cost growth, and to project
their impact on future performance. This research identifies targets, in which given a
current state of cost growth, will provide a benchmark of ranges to predict the future state of
a program’s cost growth. This tool ultimately helps leadership identify where program cost
growth will lie at the next major evaluation point, given current program cost growth levels

incurred to date.

Methodology
Selected Acquisition Reports (SARs) outline a program’s current state and report

current funding estimates and actual expenses incurred for Major Defense Acquisition



Programs (MDAPSs). This data is reported annually and provides insights into program
performance at key milestones. For this study, SARs are used to reference program cost
estimates and incurred expenses at selected dates. The SAR data used was collected directly
from Defense Acquisition Management Information Retrieval (DAMIR), and also
referenced from a database compiled by RAND, based on SAR data.

This research uses the data collected from the SARs to conduct an analysis on cost
growth trends. First, a general analysis of the descriptive statistics is profiled on the data.
This lays the groundwork for the analysis and helps to define the scope of the profiles.
Next, the CGF is calculated, and a stoplight color rating system is developed to categorize
cost growth factors in to easily identifiable risk categories that management can reference
for top-level reviews. Once this color rating system is developed, it is applied to each CGF
calculated. Finally, the color ratings are analyzed in relationship to each variable identified

and tested for significance.

Assumptions/Limitations

Potential limitations include differing definitions of key milestones between
programs assessed. In particular, IOC can be measured differently by each independent
program. In this case, the data as reported in the SAR was used without altering the dates to
standardize definitions. Other limitations include missing data within SARs such as
missing program view dates, limited availability of SARS prior to the implementation of
DAMIR in 1997, and a small sample size of aircraft programs meeting the appropriate

criteria for this research.



Summary

Knowing cost growth is a certainty of Defense programs, the ability to capture the
future cost growth into percentage brackets related to current performance levels may
provide program leadership the opportunity to adequately prepare for future performance
milestones. Instead of looking at long-term cost growth on a total program perspective, this
research lays the foundation for new cost growth calculations, taking a more short-term
decision making approach into consideration. Because management is not always
concerned with long-term progress, but rather the near term and close range decisions at
hand, having cost growth broken down into more manageable reviews should help aid
decision makers.

The remaining chapters that follow discuss the Literature Review, Methodology,
Analysis, Results, and Conclusion/Discussion. The literature review in Chapter Il explores
how cost growth is defined for this study, previous studies on cost growth relevant to this
research, followed by a model on projected cost growth brackets. Chapter 111 walks through
the creation of a cost database and the subsequent tests conducted in the analysis. Key
analysis tests conducted include Contingency Table analysis and Fisher’s Exact Test for
significance. These combine to make the foundation for Chapter 1V, where the results of
the analysis conducted are presented. Finally, Chapter V provides the conclusions of this

research, as well as recommended future areas of study.



Il. Literature Review

Chapter Overview

This chapter provides a foundation for this research. First, the method DoD uses to
define cost growth is discussed and historical performance is evaluated. Previous studies on
DoD cost growth are reviewed for foundational knowledge on cost growth. Additionally, the
literature review looks at statistical techniques used to evaluate cost growth. Lastly, this review
looks at studies with a longitudinal approach to cost growth in order to identify how cost growth

can be segmented, and identify potential areas of information in need of further study.

Cost Growth

With budgets being stressed by increasing requirements and demands, programs have
been forced to evaluate funding stressors. Therefore, there is increasing pressure to identify and
reduce cost growth both at the contract and program level. Oftentimes, programs may not be able
to reduce the cost growth. However, it can still be useful for a program to be able to accurately
project where the cost growth is headed in the future and allow for decision makers to adequately
prepare in advance of the next milestone. This research evaluates the probability of a program to
fall into a certain cost growth bracket given its current performance cost growth level.

Cost growth can be interpreted or perceived in a variety of ways, particularly depending
on the intent of the analysis. The simple answer is that cost growth, in its essence, is when
something costs more than expected. However, cost growth can be a combination of a multitude
of factors. The Select Acquisitions Report (SAR) is the foundational document used to assess
cost growth on DoD programs, and is the official reporting document used by the General
Accounting Office (GAO). The SAR divides cost growth in to seven main factors; Economic,

Quantity, Schedule, Engineering, Estimating, Other, and Support (Cancian, 2010).
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Economic cost growth is most easy to distinguish, as this is cost growth caused by
inflation. Inflation is the general increase in prices of goods in the economy, making it external
to the control of the program. Therefore, for most analyses of cost growth, it is removed. While it
may appear that the cost of a program is getting more expensive throughout the life of the
program, adjusting to base year dollars will remove the effect of inflationary increases, allowing
a more accurate depiction of true program cost growth.

The cost growth caused by changes in quantity can also distort the perception of program
costs rising. Although overall program costs may appear to increase, if quantities are increased,
the true cost per item may not. While some may argue it is still cost growth, given the program is
costing more than originally projected, for this research changes in quantity are accounted for to
eliminate artificial cost growth.

While inflation and quantity are relatively easy to separate out for the purposes of
analyses, the remaining factors are inherently more subjective. These remaining factors are all
considered cost growth internal to the program and are the essence of data evaluated in this
research. It is these decisions between Milestone B and the current estimate that create the

pattern of longitudinal cost growth that is evaluated for inherent patterns in performance.

Previous Research Findings — Foundational Analysis

Once cost growth is defined, it can then be relatively measured. Many studies have
looked at the cost growth issue within the DoD due to its pervasive nature. However, different
approaches have been used to assess and predict cost growth trends. This section of the literature
review highlights cost growth research that used as a foundation for this research.

Drezner et al. (1993) studied CGFs of weapon systems in order to quantify the magnitude
of cost growth, and identify factors that affect it. Drezner et al. (1993) found that inflation and

9



quantity have the greatest effect on reported cost growth outcomes, but could be accounted for.
After removing the effects of both factors, program size and maturity are the two factors that
have the greatest effect on total program cost growth; smaller programs tend to incur higher cost
growth, while on average, maturity adds 2.2% above inflation per year (Drezner, 1993). Drezner
et al. (1993) validates that historic trends shows cost growth averages about 20%, and has not
seen significant fluctuations from that over the course of decades.

Drezner et al. (1993) assessed factors that affect cost growth, discovering that programs
with prototyping incurred higher cost growth. This is validated in our research findings in
Chapter IV. One explanation for this may be that prototyping tends to be present in programs
with higher technical uncertainty, which are inherently subject to higher cost growth (Drezner,
1993). This research provided a foundation for the need to adjust for inflation and quantity
changes, as well as account for prototyping as a variable.

Sipple et al. (2004) compiled a documentation of significant cost growth literature, to
highlight the variety of statistical methods applied to cost growth in DoD acquisition. The
analysis included a study on seven significant cost growth studies, compiled to summarize
significant findings for cost professionals. This research served as a foundation of historical cost
growth overviews.

Arena et al. (2006) presented a technical report that evaluated statistically significant
drivers of cost growth for completed programs with similar complexities to those of the U.S. Air
Force. Using data collected from the SAR, the CGFs for 68 completed programs are used in
analysis. The data is segmented by funding category, milestone, and commodity type to

accommodate different approaches in estimating.
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Arena et al. (2006) observed there is consistent underestimation of cost, a point that is
reiterated in later research. However, they continue on to find statistically significant drivers of
cost growth. Major findings include that programs with longer duration have greater cost
growth, that there are no statistically significant differences between the services, and little
evidence to support that cost growth has improved over time (Arena, 2006). Additionally,
significant cost growth occurs at MS Il and MS I11. Arena et al. (2006) is significant to this
research because it presents key drivers of cost growth that help form the selected variables
tested, as well as provides a rationale for using SARs in data collection.

Continuing on in research to identify cost growth drivers, Bolton et al. (2008) also
produced a paper for the RAND Corporation exploring causally oriented variance categories.
Bolton et al. (2008) defined four different categories of cost variance oriented towards the causes
of cost growth: errors in estimation and planning, decisions by the government, financial matters,
and miscellaneous sources, and reclassified the variances in the SARs into said categories. This
research then evaluated cost growth for development, procurement, and total program, by
identifying the significant cost drivers in each. According to this study, total cost growth is
dominated by decisions, accounting for more than two-thirds of the growth. This includes
quantity changes, requirements changes, and schedule changes.

Bolton et al. (2008) provided the foundation on the importance of quantity changes.
Most cost growth studies standardize for quantity changes, which eliminates their impact.
However, this study keeps quantity changes inclusive, stating it is still a factor of cost growth
and should therefore be measured. Because of this inclusion, Bolton et al. (2008) were able to
identify how truly significant the impact of quantity changes is in terms of growth. In fact, more

than half of the average procurement cost growth is due to quantity changes (Bolton, 2008).
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Because of these findings, this research heavily considered leaving the quantity change effect as
part of the analysis; although the data was ultimately standardized remove those effects.

Deneve et al. (2015) focuses on the issues with DoD cost estimating instead of post-
estimation drivers, posing the question that perhaps the problem is not the accuracy of the cost
estimate, but that the estimates are estimating the wrong thing. Using an interesting analogy of
cost estimating to hurricane forecasting, Deneve et al. (2015) describe how cost estimates often
become the “sticker price,” and lose the risk and uncertainty analysis in the translation to the
budget process. They follow to create a macro-stochastic estimation model by identifying four
categorical variables with strong relationships to CGFs: program type, iteration, funding years,
and number of services. Deneve et al. (2015) conclude these groupings help predict the total cost
from the baseline estimate. This research provided the foundation of issues with cost estimation
in the DoD, an equal culprit to the cost growth problem.

Kozlak (2016) serves as a key foundation in this research. Multiple aspects of Kozlak’s
work were carried forward for additional study, including the identification of key aircraft
program reviews and milestones, the objective to calculate CGFs at these reviews, and
identifying the significant cost drivers that pertain to Aircraft programs.

Kozlak (2016) evaluated development, procurement, and total cost growth, defining
median cost growth percentage against median program percent completion. For example, at
I0C for procurement, the median percent of program completion is 48% and the median percent
of total cost growth is 91%. In evaluating each review point as well as percent complete, Kozlak
(2016) projected that at a median of 6.5 years after Milestone B, a program sustains
approximately 91% of the total program cost growth. Aside from evaluating the performance of

cost growth along a programs review cycle, Kozlak (2016) used logistic regression to identify
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individual (x) variables that are predictive of cost growth (y). The regression results showed
Bomber, Prototype, and Weapon type to be the most predictive variables of cost growth.

The literature reviewed form the foundation of cost growth research, define significant
cost growth drivers, and depict overall trends of cost growth within different segments of the
DoD. This research combines the above efforts with a slightly varied approach of looking at cost
growth from a longitudinal perspective. That is, how does cost growth behavior change as time
changes? This research looks to dissect the life of a program into multiple evaluation points,
each with its own evaluation factors. This approach can give leadership increased opportunity to
evaluate, manage, and plan for cost growth on a more reliable timeline. While limited, some
research has been conducted using this longitudinal approach, and is presented in the next

section.

Previous Research Findings — Longitudinal Studies

This research takes the approach of evaluating cost growth on a longitudinal perspective,
looking at each individual program and its cost growth over time from Milestone B to the Final
or Current Estimate if still ongoing, which is defined in the SAR. While the research on cost
growth within the DoD is vast, those that evaluate from a longitudinal perspective are limited.
The remainder of this section summarizes the key literature on previous longitudinal cost growth
studies.

On one end of the longitudinal approach spectrum, research has looked at Earned Value
Management (EVM) with the intent of locating stabilization of cost growth. Since the early
1990’s, the EVM community has adopted what is known as the “stability rule,” from widely
known Christensen and Payne research (1992). Christensen’s findings show that the Cost
Performance Index (CPI) commonly stabilizes when the contract is at 20% completion

13



(Christensen and Heise, 1993). This concept was explored more recently, applying
Christensen’s concepts of “stability” to more recent DoD data (Petter, 2014).

Petter (2014) addresses this “stability rule,” indicating that recent research may provide
contradictory evidence that the CPI does not in fact stabilize at 20% completion. Petter (2014)
highlights the vague definition of “stability,” and further summarizes it in to three broad
categories: range definition, absolute interval definition, and relative interval definition. These
three definitions become the basis for Petter’s analysis. Using a variance analysis, Christensen’s
“stability rule” was both supported and contradicted, depending on the definition of stability
used. With the range definition of stability, the 20% complete “stability rule” is supported,
whereas either interval stability definitions did not (Petter, 2014). Petter (2014) then continues
the research continues to break down a contact’s life-cycle phase: Production or Development.
Here the longitudinal aspect of the research is shows, though applied to EVM and a contract
basis, making Petter (2014) both a foundational study, an updated approach to the “stability
rule,” and a take on the longitudinal approach to cost growth.

While EVM is a valuable tool, and understanding the CPI and its predictive measures on
final cost, EVM can be restrictive in that MDAPS are often split into a variety of contracts
throughout the life of the program. Therefore, the CPI limits measuring and predicting program
cost growth to only a small portion of the overall cost growth. This can be helpful to short-term
management of cost growth, but restricts long-term strategic thinking.

The other spectrum of the longitudinal approach encompasses how cost growth trends
over the course of history. Dauvis et al. (2016) performed one of the most recent evaluations of
cost growth within DoD MDAP programs. However, their approach to a longitudinal evaluation

was looking at cost growth rates by year, historically, across the DoD over the last three decades.
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Davis et al. (2016) used a 5-year moving average of the annual changes to assess patterns of cost
growth in attempt to model growth. David et al. (2016) reveal that the pattern of historical cost
growth partially follows the defense budget, providing a new look at what may drive cost
growth. Other results show structural changes and legislation contribute to shifts in growth.

This approach of longitudinal evaluation shows how the acquisition process, policy reform, and
the behavior of the defense acquisition system play a role in cost growth trends over time. While
individual programs were assessed, they were not evaluated as cost growth independently across
its own lifespan.

Our research has shown that the longitudinal approach has looked both from a focused,
contract specific EVM perspective, as well as a timeline driven, DoD-wide overview. EVM is
focused on a contract basis, as EVM only looks at and measures performance on a contract level,
which can mask deeper issues on a total program level. Many DoD programs are comprised of
multiple contracts during its lifecycle. While EVM is a valuable tool in tracking performance, the
complexity of DoD programs and contract structure necessitate the need for research on how a
program performs over the duration of all contracts. In contrast, the time-phased approach looks
at how cost growth has changed within the DoD over time and not necessarily on an individual
program basis.

While this “longitudinal” concept has been explored, it leaves gaps in looking at the
concept specifically applied to an individual program. This facilitates the need for exploration of
the longitudinal approach and evaluation of cost growth trends throughout the specified life of
evaluation. For this research, the question of how cost growth behaves from a longitudinal

perspective across the life of the program is examined; more specifically, how is current cost
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growth a predictor of where cost growth will perform at the next measured milestone and what is

the relationship of cost growth levels between key performance milestones?

Summary

The literature review presented information on the sources of cost growth, standard
methods for estimating that growth, research on when cost growth occurs in weapon systems, and
potential variables to consider in our research. Chapter 111, Methodology, discusses how we

approach addressing the goals of our research.
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I11. Methodology

Chapter Overview

The purpose of Chapter 3 is to present the details of data used for analysis in this
research, as well as the methods used for evaluation. First, the sources used for data collection
are discussed. Next, the compilation and evaluation of the data is explained, followed by the
method used for data standardization. Finally, how cost growth is identified and analyzed at

each program review is discussed.

Data Collection

In order to analyze program cost growth factors, reliable data that contains program
review information must be obtained. In most previous studies pertaining to cost growth, the
SAR is used as a credible source of data, laying a foundation for the SAR as a reputable
source. The SAR is one of the best resources of data for acquisition programs, particularly for
the data points collected for evaluation within this research.

For this research, SAR data is utilized for program estimates, key dates, and program
relevant information. The primary resource used for SARSs is the Defense Acquisition
Management Information Retrieval (DAMIR), which identifies various data sources that the
Acquisition community uses to manage Major Defense Acquisition Programs (MDAP) and
Major Automated Information Systems (MAIS) programs and is the authoritative source for
Selected Acquisition Reports (SAR), SAR Baseline, Acquisition Program Baselines (APB),
MAIS Annual Reports (MAR), MAIS Original Estimates (MAIS OE), and Assessments.

(DAMIR webpage).
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Additionally, RAND Corporation has worked extensively with historical SARs,
compiling the annual reports into a SAR database. This database, which is built electronically
using separate Microsoft® Excel sheets per program, proved valuable for this research,
particularly for years that older SARs were not obtainable in DAMIR.

While SARs report key program dates, often gaps were left for the specific program
deliverables tracked for the purposes of this research. The Air Force Cost Analysis Agency
(AFCAA) previously compiled a database for the purpose of tracking DoD aircraft programs,
including information on significant program review dates. The AFCAA database, RAND

database, and DAMIR portal were combined to provide the information needed for analysis.

Data Summary

Cost growth is seen across programs of all types, in all services, and in many varying
degrees. However, the complexities of DoD acquisition make normalizing program
milestones across different services difficult, creating incompatibilities in evaluation.
Therefore, this research focuses only on aircraft programs within the DoD. Furthermore, the
analysis is limited to only Acquisition Category 1 (ACAT 1) programs, since the reporting
requirements for SAR do not extend to lower value thresholds. ACAT 1 programs are Major
Defense Acquisition Programs (MDAPS), estimated to require eventual expenditure for
research, development, test and evaluation (RDT&E), including all planned increments, of
more than $480 million in Fiscal Year (FY) 14 constant dollars, or procurement, including all
planned increments, of more than $2.79 billion (FY 2014 constant dollars) (DAU, 2015).
Once the given criteria are applied to the SAR database, 36 DoD Aircraft programs are

captured for evaluation. Table 1 lists the programs used for analysis in this research.
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Table 1: Aircraft Programs Selected for Analysis

A-10 C-27) F-35
AV-8B E-2C RQ-4

B-1A E-2D MQ-4C
B-1B E-6A P-8A

B-1B CMUP EA-18G S-3A

B-1B JDAM EF-111 T-6 (JPATS)
B-2 RMP FA-18EF T-45TS
C-130 AMP F-14A V-22 FSD
C-17A F-14D F-22 Inc 3.2B Mod
C-5 AMP F-15 KC-46

C-5 RERP F-16 MQ-1C
C-5B F-22 Reaper

Limitations

The collection of data within the DoD, particularly with respect to the acquisition
environment, is in and of itself a proven challenge. While in theory the DoD has an
acquisition process to guide key reporting dates and decisions, in practice many programs
deviate from this standard process. It therefore becomes difficult to create a standard set of
variables and tracking measures that are consistent enough across the population to perform a
thorough analysis. While ideally this research method could be applied to a variety of
programs, both aircraft and otherwise, the lack of common review points for measurement
makes the application difficult. Therefore, this study is limited to aircraft-only programs.

This research also heavily relies on the data contained within the SAR for each
program, which has limitations of its own. Many previous studies, including Kozlak (2016),
Arena et al. (2006), and Hough (1992) have discussed limitations surrounding the SAR. The

key limitations that are relevant to this study are summarized here.
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1. High-Level Data. While useful for obtaining dates and estimate information, SAR
does not provide in-depth explanations for said data. This means high-level
assumptions must be made, and critical details may be overlooked.

2. Reporting Guidelines and Requirement Changes. Over the historical span of SAR
reporting, many changes have evolved the process. This leaves room for
inconsistent comparisons among programs. Since this study spans the years from
the 1960’s on, it is particularly susceptible to this limitation.

3. Lack of Risk and Confidence Levels. Without this information, the estimates
contained in the SAR are taken at face value. If an estimate contains a significant
amount of associated risk, it may not be a valid representation of true program cost.

4. Each program creates its SAR for reporting. Since each individual program is
responsible for populating and submitting a SAR, each SAR will be unique. This
makes it difficult for comparison to other programs and virtually impossible for an
apples to apples analysis.

Also, DAMIR, while a valuable resource for collecting SAR data, only contains reports
post-1997. Prior SAR copies have not been electronically converted into the system, making
information hard to locate on older acquisition programs. While the RAND database was
validated against information on DAMIR for post-1997 SARS, older programs were unable to
be verified. It is therefore an assumption of this research that the RAND database is accurate
in its information collection and conversions. Given there were no errors detected in programs
that could be verified on DAMIR, it is a reasonable assumption that the RAND database is
accurate for evaluation.

In spite of the limitations within the SAR, its historical use in cost growth studies and
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relatively stable capture of vital information make it a reasonable source of information for
this analysis.

Another limitation is the assumption that this research and the results that follow may be
subject to a Type | error; that is, the incorrect rejection of the null hypothesis. Even though
this research is exploratory in nature and uses an alpha value of 0.10, the volume of variables
tested (720 total combinations) presents a much narrower window of significance. Therefore,
while it is likely the top variables noted play some important role, the level of true significance
is unknown until further research can be conducted. However, even with the knowledge of a
possible Type | error, the general purpose of this research is to find general trends in

longitudinal cost growth and meets that goal accordingly.

Data Set and Predictor Variables

In order to evaluate cost growth patterns across a program lifespan, key program dates,
all encompassed by the Milestone B estimate and the Last Reported SAR (LRS) were selected.
Each key date represents a new bracket of evaluation. These dates, subsequent to the
development estimate at Milestone B, are used to track how cost growth moves across the
longitudinal span of the program, relating each to its predecessor evaluation point, as well as the
DE. The research of Kozlak (2016) identified four key dates critical to the evaluation of DoD
Aircraft cost growth between Milestone B and LRS. As such, the same program events are
used for the purposes of this research, to include:

1. Development Estimate point (Milestone B)
2. Critical Design Review (CDR)
3. First Flight (FF)

4. Development Test and Evaluation (DT&E)
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5. Initial Operating Capability (I0C)
6. Final Estimate or Last Reported SAR (LRS)
For each program review point, the Current Estimate is considered the estimate provided in the
SAR for the year in which the review point occurred.
In addition to the date and estimate value at each program review, other program
information is captured by for analysis. The following predictor variables considered for
evaluation of program cost growth are listed and described as follows:

e Air Force — Binary Variable
o This variable identifies if the aircraft is developed for the Air Force.

e Navy - Binary Variable
o This variable identifies if the aircraft is developed for the Navy.

e Pre-1997 BY - Binary Variable
o This dummy variable identifies if the base year evaluated occurs before
1997. The year 1997 identifies the point in which SAR information
becomes available electronically within DAMIR.

e Prototype — Binary Variable
o This variable represents programs that create a prototype, or prototypes,
of a weapons system before production of that weapons system begins.
More than one type of prototype for a weapons system can be created in
a given program.

e Modification — Binary Variable
o0 This variable is concerned with programs whose existence serves as a
modification to a pre-existing weapons system.

e Small Program — Binary Variable
o This variable identifies if the estimate at Contract Award (Milestone B)
is considered “small.” See Figure 2 for evaluation of program size.

e Medium Program — Binary Variable

o This variable identifies if the estimate at Contract Award (Milestone B)
is considered “medium.” See Figure 2 for evaluation of program size.
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e Large Program — Binary Variable
o0 This variable identifies if the estimate at Contract Award (Milestone B)
is considered “large.” See Figure 2 for evaluation of program size.

e Duration <180 (Months) — Binary Variable
o This variable indicates if the program length from CA-LRS was less than
180 months. The 180 month period was determined a significant break in
contract length when all programs were evaluated on a distribution analysis.

4 = Distributions
4= EST

Moemal 204L 51, 4130

Figure 2: Distinction of Cost Growth Program Size

Other variables are present in the database for program information and reference;
however, they were not included in tested variables for the purposes of this study. These

variables include:

e Contractor — Binary Variable
o This variable identifies which contractor is responsible for the program
development. If a contractor only appeared once, it was identified in
the “Other” variable.

Given the very small sample size and the wide mix of contractors, this variable is likely a weak

predictor for this analysis.
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e Quantity — Continuous Variable
o0 This variable reports the quantity predicted at the time of the program
review.
Quantity is used to calculate the estimate/quantity factor to standardize the CGF. However, it

is not tested as a variable.

e Percent complete — Continuous Variable
o This variable measures the cost spent to date compared to the estimate
value in the Last Reported SAR.
This is a common variable when evaluating cost growth. Percent complete is calculated based
on the actual cost to date as a percentage of estimate at LRS. However, due to the

inconsistencies of actual costs reported and the limitations of the SAR, this variable is limited

in integrity, and is left out accordingly as a predictor variable for this analysis.

Estimating Cost Growth

To assess cost growth, this study evaluates what is referred to as a Cost Growth Factor
(CGF). This is the calculation of current estimate as it relates to a previous, or
original baseline, estimate. The CGF method divides the estimate plus the cost variance
(actual) by the estimate (Drezner et al., 1993)
The neutral state of a CGF is where actuals equal the estimate, returning a value of 1.0.
This indicates there has been no program cost growth. When the CGF is greater than 1.0, the
program actuals are higher than the estimate, showing that there has been cost growth sustained
by the program. Conversely, a CGF less than 1.0 indicates that the current cost of the program
is less than the estimate, or a projected cost-underrun. To calculate the percent cost growth,

subtract 1 from the cost growth factor (Drezner et al., 1993)

24



A program carries multiple estimates over its lifecycle. First, a Planning Estimate
(PE) is the estimate made during the Concept Exploration and Definition stage. Because
this estimate is prior to Milestone B, it is not referenced for analysis in this research. The
Development Estimate (DE), often referred to as a baseline estimate, occurs at Milestone B
and is used as the foundational estimate in this research. Finally, the Current Estimate (CE)
is the most up to date estimate. If a program is complete, the CE is the actual cost of the
program (Calcutt, 1993).

Estimators calculate cost growth from a baseline estimate, the PE, DE, or CE.
Typically, the DE at MS B is the baseline estimate for cost growth. MS B is the point in the
schedule where a program enters full-scale development and officially becomes a
“program of record.” Once a program of record is established, the program is required to
file official cost reports with Congress (Porter et al., 2009). As formal cost reports
materialize, cost growth becomes easier to track, and for this reason, the estimator

measures cost growth from the DE when possible.

Data Standardization

The quantities each aircraft program produces typically shift both upwards and
downwards throughout the stages of a program’s lifecycle. Accounting for this change is a
contested topic in terms of cost growth. The argument presents two ways: Cost growth
associated with change in quantity is still cost growth that needs to be measured, and cost
growth associated with change in quantity needs to be standardized to view cost growth
inherent to the system. For this research, the cost growth factor is standardized to account

for any change in quantity. SARs list the quantities estimated and produced for each
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aircraft program. In order to standardize the cost growth factor for quantity, a cost per
aircraft is calculated at each program review point. This amount is then used in the
calculation of the cost growth factor.

In addition to quantity, the database is standardized for consistent Base Year (BY)
reporting. While not all 36 programs are evaluated in the same BY, each individual
program maintains a common Base Year across each review point, making comparison of
cost growth consistent. Since the comparison is from within each program and not across
all programs, it is not necessary to convert all programs to the same BY. In most cases,
the BY is the original year in which the program was estimated. In some cases, however,
the BY was updated at some point throughout the life of the program. In these instances,

the most recent BY is applied across all review points.

Cost Growth

Once the cost per aircraft at each program review is calculated, the cost growth
factor for a variety of combinations is found in order to evaluate the cost growth from a
longitudinal perspective. This combination of interlocking cost growth evaluation is what
distinguishes this research from cost growth research in the past. Each combination of
cost growth factors is evaluated in order to present a tool of identification for cost growth
management. Table 2 shows the combinations of cost growth evaluated. Each
relationship is assigned a number for analysis naming purposes and is identified to the
right of the relationship title.

In Tier I, relationships 1-5, the overall cost growth incurred from Contract Award

to each subsequent program review is evaluated. Tier I measures cost growth while
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holding the first review point of Contract Award constant. More specifically, the first
evaluation point measured is Contract Award to Critical Design review, while the last
cost growth factor in this tier represents total growth from Contract Award to Last
Reported SAR.

Table 2: Review Relationship Tiers

Tierl
Contract Award - Critical Design Review (1)
Contract Award - First Flight (2)
Contract Award - Development Test & Evaluation (3)

Contract Award - Initial Operating Capability (4)
Contract Award - Last Reported SAR (5)

Tierll
Critical Design Review - First Flight (6)
First Flight - Development Test & Evaluation (10)
Development Test & Evaluation - Initial Operating Capability (13)
Initial Operating Capability - Last Reported SAR (15)

Tier lll
Critical Design Review - Development Test & Evaluation (7)
Critical Design Review - Initial Operating Capability (8)
Critical Design Review - Last Reported SAR (9)
First Flight - Initial Operating Capability (11)
First Flight - Last Reported SAR (12)
Development Test & Evaluation - Last Reported SAR (14)

Secondary evaluation includes program review combinations noted in Tier Il,
relationship numbers 6, 10, 13, and 15. Relationship 1 is also re-considered as a part of
Tier Il analysis. This tier is depicting the cost growth at each longitudinal cross section,
as the program moves through the lifecycle. Instead of the overall cost growth measured
in Tier I, dissecting the program down to each intermittent phase of the program lifecycle

can help to show a more definitive image of how cost growth behaves at subsections of
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the program. Tier Il is the focus of management decision making tools provided in this
research.

Finally, Tier 11l combinations are evaluated showing remaining combinations of
phases. While this research focuses primarily on results from Tier I and Tier Il, Tier Il is

used for further analysis and confirmation of suspected indicators.

Color Coding Cost Growth

A stoplight chart is a color coded decision tool that helps quickly identify project
status and risk levels using visual aids. Typically, Green, Amber, and Red are used to
indicate the status of a program. However, subjectivity is involved in defining the
conditions as to what constitutes red, green, or amber status, and must be rationally
defined. For the purposes of this research, a distribution summary of cost growth factors
is evaluated for color break points. A review of the distribution of CGFs for each of the
15 program review relationships, as well as the overall distribution, is analyzed for logical
divisions. Figure 3 shows the distribution analysis for Contract Award-Critical Design
Review as an example of the distribution breakout. The other distribution summaries can

be found in Appendix A.

Green indicates low to no risk and identifies programs that incur a CGF of 1.0 or
less. As previously indicated, this means that the actuals are at or below the estimated
value. Amber signifies the program has encountered some risk, but is not yet in jeopardy
of serious trouble. Programs that fall in this category are highlighted for extra attention
and scrutiny, but are still within the range of correction. This research shows that

programs stay moderately stable up until the 10% cost growth range; therefore, Amber
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coded programs are defined as those which encounter cost growth ranging from 1.0 to
1.10. After 10%, cost growth starts to vary widely with large inconsistencies and

predictabilities. Therefore, a CGF that lies above 1.10 is identified as Red.

3 3
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Figure 3: Distribution Used for Color Rating Assignment

Following the categorized levels identified for each color, the CGF at each Tier
and Tier sub-section is allocated to its respective color rating in order to assign a risk
level color for that section’s cost growth. This adds the response variables to the

database. The following variables are now incorporated for analysis:

e Green—Binary Variable
o This variable identifies if the analyzed CGF falls at 1.0 or below.

e Amber — Binary Variable
o This variable indicates if the CGF falls between the range
1.0 < CGF < 1.10.

e Red- Continuous Variable
o This variable indicates if the CGF is > 1.10.
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This step is captured for each of the 15 program review relationships identified
above in Table 2. The first relationship is identified as Green/Amber/Red, while the
second relationship is identified by Green2/Amber2/Red2. This identification helps
subsequent analysis between different program review points. In addition to the evaluation
of the CGF between each of the six program review points (totaling the 15 relationships),
the assigned color at each review point for each relationship is compared to look for trends
in programs across their lifecycle. For example, if a program is Green at the first program
review, is it more likely to be Green at evaluation point 2? This analysis reviews each
combination of factors to help provide insight to longitudinal cost growth behavior
patterns.

Two-Way Contingency Tables

This research focuses on multinomial experiments looking for significant
relationships with respect to two qualitative factors. Each combination of factors present
in the database are compared in order to distinguish the most statistically significant
relationships in a program lifecycle that helps to predict the color status of a program at
any given review point. Among the 15 program review relationships, 720
predictor/response combinations are tested for independence. Table 3 shows the predictor
variables and response variable combinations that are tested in this research. Only valid
relationships are denoted by a “1”. Relationships not indicated by a “1” are those in which
the predictor variable is not applicable to the response variable. For instance, Green
cannot predict a response of Green; therefore, no relationship is present and no “1” is

denoted.
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Table 3: Predictor and Response Variable Combinations

Predictor
AF Navy Pre97 Post97 Prototype Mod Small Meduim Large <180mo G A R G6 A6 R6 G10 A10 R10 G13 A13 R13

1
1
1
1
1
1
1
1
1
1
1
1
1
1
1

Response

G2

A2

R2

G3

A3

R3

G4

A4

R4
G5

A5

RS
G6

A6

R6
G7

A7

R7
G8

A8

R8
G9

A9

R9
G10
Al0

R10
G11
All
R11
G12
Al12
R12
G13
Al13
R13
G14
Al4
R14
G15
Al5
R15

The method of analysis used is a contingency table (also known as a cross

tabulation or crosstab) to look for independence among variables. A contingency table

displays the frequency distribution of the variables. They are heavily used in survey

research because they provide a basic picture of the interrelation between two variables.

Table 4 shows a basic summary of a contingency table between two variables, A and B.

For each variable there are two responses. A response of “no” indicates the variable does
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not meet the criteria, and a response of “yes” indicates the variable meets the criteria. For

each combination of variables A and B, four combinations are possible:

1.

2.

3.

4.

No, No
No, Yes
Yes, No

Yes, Yes

Each combination is counted, and the count is represented in the table by ni1, n12, n22,

N2, respectively. The counts are then totaled in each column (C1 and C2) and Row (R1

and R»), and a total count of observations, n, is determined. Once each row and column

is populated, the counts are then compared to expected values and measured for

independence.

Table 4: Sample Contingency Table

No
Variable A Yes
Totals

Variable B
No Yes Totals
Nig N1y Ry
N1 y) R»
Cy C, n

Fisher’s Exact Test

To assess the significance of the contingency table, a P-value is calculated. A

variety of methods can be used in calculating a P-value. Due to the small sample size of

this research, Fisher’s Exact Test is used. Fisher’s Exact Test is a statistical test used to

determine if there are nonrandom associations between two categorical variables drawn

from calculated contingency tables. Apart from other significance tests available, a

benefit of using Fisher’s Exact Test is that it does not estimate the probability of a value;
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rather the test calculates the exact probability of receiving the observed data (Kozlak,
2016). While the test is available for any sample size, it is particularly useful when
sample sizes are small, as other applicable tests are limited. Although the total sample
size used in this study is 36 programs, each combination of variables results in many
cases where there is an even smaller sample set. This makes Fisher’s Exact Test an
acceptable measure for independence between a program having defined color rating and
the explanatory variables considered in this thesis.

To understand Fisher’s Exact Test, two assumptions are necessary. The first
assumption is that all observations are independent. Second, the test operates under fixed,
or conditioned, row and column totals. This second assumption is what distinguishes
Fisher’s Exact Test from other statistical independence tests with unconditioned rows and
columns (McDonald, 2009).

The results of Fisher’s Exact Test produce both a 1-tailed and a 2-tailed
hypothesis test. The 1-tailed test uses a single tail of the probability distribution (either
left tail, or right), and examines changes in a single direction. The hypothesis for a 1-
tailed test is:

e Ho: the factors are the same

e Ha: the probability the color rating is greater for the factor = “1” than ‘0’
(right tailed)

e Ha: the probability the color rating is greater for the factor = ‘0’ than “1’
(left tailed)

The 2-tailed test uses both tails of a probability distribution (both right and left)

and examines changes in both directions. The hypothesis for a 2-tailed test is:
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e Ho: the factors are the same

e Ha: the factors are not the same

This research uses the 1-tailed hypothesis tests to identify if a categorical factor
increases the likelihood a program will have the tested color rating. The null hypothesis
states the categorical variable does not affect the color rating. If the p-value for a right
sided test is significant, the predictor variable increases the likelihood of the tested
response color rating. If the results were significant for the left sided test, the predictor
variable is less likely to produce the tested response color rating.

Fisher’s Exact Test is used to look at each categorical predictor variable, identified
above, against each color rating. In turn, as the color ratings progress from Green to

Green2 and forward, the previous color ratings also become tested predictor variables.

Chapter Summary

This chapter details the research methodology used. The collection of data from
the SAR and DAMIR is described. Predictor variables that provide a link to the response
variable were identified and explained. The reasoning for the methodology used is
provided along with a detailed explanation of the Fisher’s Exact Test for analysis. The
next chapter introduces the results to the testing involved in this research, and the analysis

of findings.
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IV. Results and Analysis

Chapter Overview

This chapter provides the results from the methodology outlined in Chapter I11.
First, a color code is distinguished for each of the 15 program review relationships.
Second, an analysis of the specified techniques is conducted on the 720
predictor/response relationships in the database. The findings are then measured and

compared. Finally, the details of the significant variables are discussed and summarized.

Color Rating Summary

The overview of our database revolves around how the risk of cost growth is
depicted across the program lifecycle. As discussed in Chapter I1l, risk levels are defined
as Green, Amber, or Red, and are applied on a basis of CGF at the given program review
point. Each program receives a color rating at each of the 15 relationship points,
although this research focuses on the results from Tier | and Tier Il relationships. Tier 11l
findings did not produce results that enhance the longitudinal evaluation, and therefore
were excluded from analysis. While the color rating does not tell the complete story,
which is supported by our further analysis, it does provide a management level overview
of how cost growth has historically behaved throughout the longitudinal aspect of a
program. Table 5 shows the color rating summary for Tier I relationships.

Table 5 shows how the color rating of a program changes as a program moves
from Contract Award to each program review point. It is important to know that these
relationships depict overall cost growth as they all start at CA and move forward. While

this is a good indicator of program health, it is also a commonly studied and traditional
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view of looking at cost growth. Therefore, this research breaks down the program
lifecycle further, reviewing each individual subsection of a program for a more distinct
picture on the behavior of cost growth, indicated by Tier Il relationships.

Table 5: Tier | Color Rating Summary

Program CA-CDR CA-FF CA-DTE CA-IOC CA-LRS

A-10

AV-8B

B-1A

B-1B

B-1B CMUP Computer Upgrade
B-1B CMUP JDAM
B-2 RMP

C-130 AMP
C-17A

C-5 RERP

C-5B

E-2C

E-2D

E-6A

EA-18G

EF-111

FA-18EF

F-14A

F-15

F-16

F-22

F-35

RQ-4 (GLOBAL HAWK)
MQ-4C

P-8A

S-3A

T-6 (JPATS)
T-45TS

V-22 FSD

F-22 Inc 3.2B Mod
KC-46

Tier Il relationships take a more in depth view of cost growth, by looking at each
CGF independently of historical behavior. Instead of moving from CA forward, Tier Il
only looks at the relationship of a program review cost growth as it relates to the cost

growth of the preceding review point. This can help management predict a more short-
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term planning strategy. While the program may have an overall CGF of red, the near term
in real-time may have a level or decreasing CGF. While long-term mitigation may be in
need, management can strategically plan for real-time responses. Table 6 shows the color
ratings for Tier 1l evaluation.

Table 6: Tier Il Color Rating Summary

Tierll CA-CDR CDR-FF FF-DTE  DTE-IOC IOC-LRS

A-10

AV-8B

B-1A

B-1B

B-1B CMUP Computer Upgrade
B-1B CMUP JDAM

B-2 RMP

C-130 AMP

C-17A

C-5AMP

C-5RERP

C-5B

E-2C

E-20 -
E-6A

EA-18G

EF-111

FA-18EF

F-14A

F-15

F-16

F-22

F-35

RQ-4 (GLOBAL HAWK)
MQ-4C

P-8A

S-3A

T-6 (JPATS)
T-45TS

V-22 FSD

F-22Inc 3.2B Mod
KC-46

MQ-1C

Reaper (block 1)
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The results in Tier 11 color rating appear to be more incomplete than Tier I. This is
due to the fact that the most common missing date among programs is for CDR.
Therefore, the first two relationships in Tier 11 are affected, where in Tier I, only one
relationship would be affected. However, even with incomplete data, the results of color
ratings for Tier 11 show an overall summary that provides significant insight. Table 6
shows that cost growth factors rate red significantly less than in Tier I (29 vs. 64). Also, of
the 29 red ratings, 13 (45%) occur during FF-DTE (relationship 10). Even before running
contingency tables and Fisher’s Exact Test, this shows strong support that not only is the
CGF significantly different when looking at a program from a longitudinal perspective
versus a lifecycle perspective, the primary driver of high CGF is the Development Test and
Evaluation phase. This insight can help decision makers plan best for mid-program cost
increases, while avoiding over-anticipation of program end turmoil.

The color rating assignment and comparison paves the way for further analysis.
Now that an overall picture is painted, we dive further by running contingency tables
between the 720 combinations of variables, in order to best determine what are strong
predictors of the defined color rating at each given review point. While we evaluate 720
relationships across the 15 stated relationships, this research focuses on those within Tier |

and Tier II.

Tier | Results

Tier | contingency tables test every nominal variable against each of the 15 color
ratings within Tier | relationships (Green through Red5). As previously mentioned, Tier |
shows overall cost growth as a program moved from Contract Award to each review

point of the lifecycle. For each contingency table evaluated, a Fisher’s Exact Test value
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is compared to an alpha value of o = 0.10. This section walks through the significant
findings within Tier I, focusing on the five most significant dependencies, and
summarizing the remaining significant findings. A general analysis summarizes our Tier
I findings before the discussion of Tier Il examination.
Green3 given Green2

The most significant dependency in Tier | evaluations is Green3 (CA-DTE) given
Green2 (CA-FF). Figure 4 shows the contingency table results for this analysis. While it
seems fairly logical that if a program is Green at one evaluation point, it is more likely to
be Green at the second evaluation point, this relationship is extremely significant, with

the P-value for Fisher’s Exact Test at 0.0001 (Table 7).

1.00
0.75
0.50
) -
0.00 0 1

Green 2

Green 3

Figure 4: Contingency Table Color Chart for Green3 Given Green2

Table 7: Fisher’s Exact Test Results for Green3 Given Green2

Fisher's

Exact Test Prob Alternative Hypothesis

Left 1.0000 Prob({Green 3=1) iz greater for Green 2=0 than 1
Right 0.0001* Prob(Green 3=1) is greater for Green 2=1 than 0
2-Tail 0.0001% Prob(Green 3=1) is different across Green 2

The contingency table in Table 8 shows the expected count of programs being

green at both points is roughly 2.5 whereas this analysis encountered 7 programs. It is
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also important to note that Green3 encompasses DTE, which is the area of most
significant cost growth in a program. Therefore, this finding is valuable to management
and decision makers, in that if a program is still maintaining a Green color rating at FF, it
is very likely that it will complete DTE with minimal cost growth.

Table 8: Contingency Table for Green3 Given Green?2

£ =|Contingency Table

Green 3

Count |0 1 Total
g ExppEcted
= 0 aliry 0 17
3 12.5926 4.40741

il 3 7 10

740741 (2.59259
Total 20 7 27

Maintaining Green at point 3 could be a critical factor in a program’s decision
structure and funding profile. This relationship shows management that efforts to
maintain a Green rating at FF can truly impact its overall CGF. This may aid pushing
management to make early investments to mitigate cost growth, as it provides the most

return on investment.
Red5 given Red3

In contrast to the results provided above in the first analysis, the second most
significant dependency in Tier | evaluations is Red5 (CA-LRS) given Red3 (CA-DTE).
Figure 5 shows the contingency table results for this dependency. Following the logic
that a Green rating early on will aid long term Green status, this relationship shows that
hitting a Red rating early on will ultimately push the program into Red status for the long

haul. This relationship is highly significant, with the P-value for Fisher’s Exact Test at

0.0002 (Table 9).
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Figure 5: Contingency Table Color Chart for Red5 Given Red3

Table 9: Fisher’s Exact Test Results for Red5 Given Red3

Fisher's

Exact Test Prob Alternative Hypothesis

Left 1.0000 Prob(Red 5=1) is greater for Red 3=0 than 1
Right 0.0002* Prob(Red 5=1) is greater for Red 3=1 than 0
2-Tail 0,0002% ProblRed 5=1) is different across Red 3

The contingency table in Table 10 shows the expected count of programs being
Red at both points is roughly 11.3 whereas this analysis encountered 16 programs that
completed LRS in a Red rating. It is also important to highlight, that of the 17 programs
that were rated Red at DTE, 16 of them continued to rate Red at LRS. Thisisa
significant indicator to management as to where the program is headed if cost growth is
out of control by DTE.

The first two dependencies analyzed highlight the importance of program status as

of DTE, providing further encouragement for decision makers to invest early in mitigating

cost growth drivers.
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Table 10: Contingency Table for Red5 Given Red3

| = Contingency Table

Red 5

Count |0 1 Total

Expected
gﬂ ] 2 10
= 3.33333 |6.66667

1 il 16 17

5.06667 (11.3333
Total Q 18 27

Red5 given Green3
Further supporting the first two analyses, the relationship between Red5 (CA-LRS)
and Green3 (CA-DTE) is also statistically significant. While the analysis of Red5 given
Red3 indicated a high likelihood that a program is Red at DTE will stay Red at LRS, the
Red5 given Green3s relationship shows that Green at DTE makes it unlikely a program
will be Red at LRS. Figure 6 shows the contingency table results for this analysis. The
Fisher’s Exact Test shows a P-Value of 0.0017 (Table 11); however this is a left sided
result, showing that it is less likely to return a “1” at Red 5 than 0.

1.00

0.75

Red 5
=
=

0.25

0 ' 1
Green 3

0.00

Figure 6: Contingency Table Color Chart for Red5 Given Green3
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Table 11: Fisher’s Exact Test Results for Red5 Given Green3

Fisher's

Exact Test Prob Alternative Hypothesis

Left 0.0017* Prob(Red 5=1) is greater for Green 3=0 than 1
Right 1.0000 Probi(Red 5=1) is greater for Green 3=1 than 0
2-Tail 2,0017 Prob(Red 5=1) is different across Green 3

The contingency table in Table 12 shows the expected count of programs being
Red at LRS given Green at DTE to be approximately 4.7. However, of the 7 programs
that had a rating of Green at DTE, only 1 encountered a rating of Red at LRS. This is
even further validation that strong control of cost growth early can minimize the risk of
extensive cost growth throughout the entire program lifecycle.

Table 12: Contingency Table for Red5 Given Green3

4 =/ Contingency Table

Red 5

Count |0 il Total
o Exppected
c 1] 3 17 20
g 6.66667 (13.3333

1 i 1 7

2.33333 |4.66667
Total o 18 27

The top three significant relationships all return with a commonality; DTE
indicating a very relevant target for programs in terms of cost growth management.
Greenb5 given Modification

The fourth result, when ranked by lowest P-value, shows Modification as a
predictor of Green at review point 5 (CA-LRS). Figure 7 shows the contingency table
results for this analysis. The Fisher’s Exact Test has a P-Value of 0.0017 (Table 13);

indicating that for Greenb, it is more likely for Modification=1 to return a value than 0.
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Figure 7: Contingency Table Color Chart for Green5 Given Modification

Table 13: Fisher’s Exact Test Results for Red5 Given Green3

Fisher's

Exact Test Prob Alternative Hypothesis

Left 1.0000 Prob(Green 5=1) is greater for Medification=0 than 1
Right 0.0017% Prob(Green 5=1) is greater for Modification=1 than 0
2-Tail 0.0017% Prob(Green 5=1) is different across Modification

The contingency table in Table 14 shows that the expected count of programs being
Green at LRS given the program is a Modification is approximately 3.2. However, 7
programs met these criteria.

Table 14: Contingency Table for Green5 Given Modification

A = Contingency Table

Green 3

Count |0 1 Total
.E Expected
=0 16 i 16
= 12.2667 3.73333
21 7 7 14

10.7333|3.26667
Total 23 7 30
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It is also important to note here that a solid color bar appears in the contingency
table. This shows that of all programs not coded “Maodification,” zero returned a value of
“1” at LRS. While not the tested variable, this is extremely important to note for
management planning purposes, as it indicates there is a very low change of a non-mod
program ending in a Green rating.

Red3 given Red2

Once again DTE returns to the forefront. The final significant finding in the top 5
of Tier I, shows the dependency between Red3 (CA-DTE) and Red2 (CA-FF). Figure 8
shows the contingency table results for this analysis. The Fisher’s Exact Test shows a
right sided P-Value of 0.0052 (Table 15) depicting that the probability for a Red3 rating

is greater for Red2=1 than 0.

1.00

0.75

Red 3
=
(=

0.25

0.00

Red 2

Figure 8: Contingency Table Color Chart for Red3 Given Red2

Table 15: Fisher’s Exact Test Results for Red3 Given Red2

Fisher's

Exact Test Prob Alternative Hypothesis

Left 1.0000 Probk(Red 3=1) is greater for Red 2=0 than 1
Right 0.00522* Prob(Red 3=1) is greater for Red 2=1 than 0
2-Tail 0,0088° Prob(Red 3=1) is different across Red 2

45



The contingency table in Table 16 shows the expected count of programs being
Red at DTE given the program is Red at FF is approximately 5.7, whereas the analysis
returned a value of 9. Also, once again a solid colored bar appears in the contingency
table. This is represented by the circumstance that every program that produced a Red
rating at FF returned a red rating at DTE. This is perhaps another look at how early cost
growth performance dictates long-run outcomes.

Table 16: Contingency Table for Red3 Given Red2

£ =/ Contingency Table

Fed 3

Count |0 il Total

Expected
: 0 10 ] 18
= 6.66667 (11,3333

1 0 2] a

3.33333[5.66667
Total 10 17 27

Other Significant Tier | Results

Of the Tier I relationships tested, 32 flagged as significant dependencies at the
confidence level o = 0.10. Table 17 shows the remaining 27 significant findings. Each of
these findings is sorted by their level of significance, not by the variables impacted. Also

noted is the direction of the tail on the test, to define how the relationship is related.
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Table 17: Other Significant Tier | Results

Response Predictor Fishers Exact Test Direction
Red2 Red 0.0055 Right
Green2 Green 0.0065 Right
Green5 Red3 0.0078 Left
Red3 Green2 0.0104 Left
Red5 Modification 0.0131 Left
Red4 Red2 0.0136 Right
Red Large 0.0162 Right
Red?2 Prototype 0.0179 Right
Green5 Green2 0.022 Right
Green5 Green3 0.0239 Right
Red5 Green 0.0252 Left
Red2 Medium 0.026 Left
Red5 Red2 0.026 Right
Amber2 Amber 0.0266 Right
Red3 <180 months 0.0311 Left
Green3 Red2 0.0358 Left
Green2 Prototype 0.0396 Left
Green3 Amber2 0.0567 Left
Amber Pre97 0.0749 Left
Amber2 Medium 0.0787 Right
Amber Navy 0.082 Right
Greend Red?2 0.0875 Left
Greend Red3 0.0907 Left
Red4 Green2 0.0965 Left
Red4 Red3 0.0965 Right
Green Pre97 0.0982 Right
Red2 Large 0.0983 Right

Tier Il Results

Tier Il contingency tables test every nominal variable against each of the 15 color
ratings within Tier 11 relationships (relationships 1, 6, 10, 13, and 15). Unlike Tier I, Tier
I1 shows the individual cross sections of the program lifecycle which provides better
insight into the true behavior of cost growth at each longitudinal section, as opposed to

the overarching view traditionally taken. Just as tested in Tier I, for each contingency
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table evaluated, a Fisher’s Exact Test value is compared to an alpha value of 0=0.10.
This section discusses the significant findings within Tier 1, focusing on the five most
significant dependencies, and summarizing the remaining significant findings. A general
analysis summarizes the Tier 1l findings before the discussion of the overall analysis.
Amber6 given Amber

The most significant dependency in Tier | evaluations is Amber6 (CDR-FF) given
Amber (CA-CDR). Figure 9 shows the contingency table results for this analysis. This is
the first appearance of Amber in the analysis, and it consists of not one side, but both
sides of the dependency. In Tier I analysis, programs depicted Green or Red much more
than Amber. Dissecting the programs on a small scale shows a lot more variability to the
behavior of the cost growth. Table 18 shows the P-value for Fisher’s Exact Test at

0.0100, depicting that the probability for a Amber6 rating is greater for Amber=1 than 0.

1.00 2
1 ‘

0.75
0.50
0
0.25
0.00 0 ; 1

Amber

Amber 6

Figure 9: Contingency Table Color Chart for Amber6 Given Amber

Table 18: Fisher’s Exact Test Results for Amber6 Given Amber

Fisher's

Exact Test Prob Alternative Hypothesis

Left 0.9995 Prob(Amber 6=1) is greater for Amber=0 than 1
Right 0.0100% Prob{Amber 6=1) is greater for Amber=1 than 0
2-Tail 0.0112* Prob{Amber 6=1) is different across Amber
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The contingency table in Table 19 shows the expected count of programs being
Amber from CDR-FF given the program is Amber at CA-CDR, is approximately 3.84.
The analysis results, however, were nearly double at 7 occurrences.

Table 19: Contingency Table for Amber6 Given Amber

4 ~|Contingency Table

Amber
Count |0 1 Total
_|Expected
20 1z 1 13
E 8.84 4.16
1 5 o 12
8.16 3.84
Total 17 & 25

Green6 given Green

The second significant finding relates to the dependency of Green6 (CDR-FF) to
Green (CA-CDR). This follows similar logic to Tier | results, in that early program cost
growth mitigation, can aid in future increments. Figure 10 shows the contingency table
results for this analysis. Table 20 shows the P-value for Fisher’s Exact Test at 0.0159
revealing that the probability of Green6=1 is higher for Green=1 than 0.

4 Mosaic Plot
1.00

0.75

0.50

Green 6

0.25

0.00 -

0 ! 1

Green

Figure 10: Contingency Table Color Chart for Green6 Given Green
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Table 20: Fisher’s Exact Test Results for Green6 Given Green

Fisher's

Exact Test Prob Alternative Hypothesis

Left 0.9988 Prob(Green 6=1) is greater for Green=0 than 1
Right 0.01%%* Prob(Green 6=1) is greater for Green=1 than 0
2-Tail 0.0168% Prob(Green 6=1) is different across Green

The contingency table in Table 21 shows the expected count of programs being
Green during FF-DTE given the program is Green during CA-FF, is approximately 3.96,
whereas the analysis conducted returned a value of 7.

Table 21: Contingency Table for Green6 Given Green

4 =/ Contingency Table

Green &

Count [0 1 Total

Expected
|0 13 4 16
= 8.06 7.4

1 2 T ]

5.04 3.96
Total 14 11 25

Amberl3 given Green6

Result 3 is perhaps one of the most unique seen thus far. The analysis now breaks
from traditional Green-Green relationships. This result highlights the dependency
between Amber at DTE-IOC and Green at CDR-FF. Figure 11 shows the contingency
table results for this analysis. Table 22 shows the P-value for Fisher’s Exact Test at

0.0292, revealing that the probability of Amber13=1 is greater for Green=1 than 0.
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Figure 11: Contingency Table Color Chart for Amber13 Given Green6

Table 22: Fisher’s Exact Test Results for Amberl3 Given Green6

Fisher's

Exact Test Prob Alternative Hypothesis

Left 0.9983 Prob(Amber13=1) is greater for Green 6=0 than 1
Right 0.0292% Prob{Amber 13=1) is greater for Green 6=1 than 0
2-Tail 0.0445% Prob(Amber 13=1) is different across Green &

This seems counter-intuitive to previous results in that it indicates programs is
more likely to experience cost growth rather than sustain lower levels previously
demonstrated early in the program. The contingency table (Table 23) shows the expected
count of a program being Amber during DTE-IOC given the program is Green during
CDR-FF, is approximately 2.6 whereas the analysis conducted returned a value of 5.

This appears to be an anomaly to previously discovered trends and is worth noting
for further research. Underlying program commonalities need to be investigated to
understand this relationship. However, it is a striking discovery, further validating the
need for longitudinal review of data. Patterns like this aren’t apparent when looking at

cost growth from a whole-program perspective.
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Table 23: Contingency Table for Amber13 Given Green6

4 = Contingency Table

Amber 13

Count |0 il Total
ol Expected
s 1] 10 2 12
.;1‘: 7.57805 |4.42105

1 2 5 7

4.42105|2.57885
Total 12 7 19

Red6 given Red

The next significant relationship reverts back to traditional patterns revealing a

dependency between Red6 (CDR-FF) and Red (CA-CDR). Figure 12 shows the

contingency table results for this analysis. Table 24 shows the P-value for Fisher’s Exact

Test at 0.0312, revealing that the probability of Red6=1 is greater for Red=1 than 0.

The contingency table in Table 25 shows the expected count of a program being

Red during CDR-FF given the program is Red during CA-CDR is 0.96, or almost 1.

However, of the 4 programs that are rated Red at CA-CDR, 3 remain red at CDR-FF.
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Figure 12: Contingency Table Color Chart for Red6 Given Red
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Table 24: Fisher’s Exact Test Results for Red6 Given Red

Fisher's

Exact Test Prob Alternative Hypothesis

Left 0.9988 Prob(Red 6=1) is greater for Red=0 than 1
Right 0.0317* Prob(Red 6=1) is greater for Red=1 than 0
2-Tail 0.0212* Prob(Red 6=1) is different across Red

Table 25: Contingency Table for Red6 Given Red

4 [»|Contingency Table

Red 6

Count |0 1 Total

Expected
T 4] 18 3 21
o= 15.96 5.04

1 1 3 4

3.04 0.96
Total 19 ] 25

Amber10 given Small

To round out the strongest five relationships in Tier Il, program size finally makes
an impact on color rating. This result shows the significant dependency between Amber
at FF-DTE and a program size of Small. Figure 13 shows the contingency table results
for this analysis. Table 26 shows the P-value for Fisher’s Exact Test at 0.0433, revealing

that the probability of Amber10=1 is greater for Small=1 than 0.
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Figure 13: Contingency Table Color Chart for Amber10 Given Small
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Table 26: Fisher’s Exact Test Results for Amber10 Given Small

Fisher's

Exact Test Prob Alternative Hypothesis

Left 0.9968 ProblAmber 10=1) is greater for Small=0 than 1
Right 0.0433* ProblAmber 10=1) is greater for Small=1 than 0
2-Tail 0.0602 Prob(Amber 10=1) is different across Small

The contingency table in Table 27 shows the expected count of programs being
Amber during FF-DTE given the program is Small is 2.7, whereas this analysis observed
5 programs.

Table 27: Contingency Table for Red6 Given Red

A =*|Contingency Table

Amber 10

Count |0 1 Total

Expected
=0 14 1 15
E 11.6667|3.33333

1 7 5 12

0,33333 |2.66667
Total 21 ] 27

Other Significant Findings
Of the Tier Il relationships tested, 15 flagged as significant dependencies at the
confidence level o = 0.10; much less than Tier I. Table 28 shows the remaining 10

significant findings.

54



Table 28: Other Significant Tier 11 Results

Response Predictor Fishers Exact Test Direction
Greenl0 AF 0.0547 Left
Greenl0 Navy 0.0547 Right

Red10 Green6 0.0635 Left
Greenl5 Modification 0.0642 Right
Greenl3 Green6 0.0674 Left
Green6 Amber 0.0749 Left
Greenl3 Red6 0.0851 Right

Amberl5 Red6 0.0851 Right

Amberl5 Greenl0 0.0775 Left

Amberl5 Amberl0 0.0775 Right

Chapter Summary

In this chapter, the overall color rating trends of both Tiers | and Tier Il are

explained to present the foundation of the research. The contingency table analysis of
significant variables is shown, and a separate in-depth analysis for each of the top five

predictor variables for both Tiers I and 1l is presented. Statistical testing and patterns

found within the data were discussed as they relate to recommended program

management response on future programs. Lastly, significant variables outside of the top

ten in-depth analyses are summarized. In the next chapter, the research is concluded and

broad discussions and meaning to the analysis is presented.
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V. Conclusions and Recommendations

Chapter Overview

The major finding in this research is the identification of statistically significant
predictor variables on cost growth risk ratings. This research also evaluates the traditional
approach to long-term cost growth review compared to a new longitudinal perspective of
sectional cost growth. This chapter reviews the initial research questions to validate that
the research accomplished the intended goal. Additionally, the limitations of findings are
reviewed, and areas for future research are identified.

Research Questions Answered
1 —How does cost growth behave differently between a segmented
longitudinal perspective and a traditional lifecycle perspective?

The answer to this question lies in two parts. First, when you map the color ratings
from Tier | (the traditional lifecycle perspective), with Tier 11 (the longitudinal
perspective), you can tell a distinct difference in how cost growth behaves at each review
measured. The color schemes are dramatically different, with Red dominating the
traditional approach and significantly more Green and Amber in the longitudinal
approach. There is no denying that having a more refined view of an issue can provide
insight that cannot be seen within the larger, lifecycle trends. It is in this fact that this
research provides a fresh perspective on cost growth trends. Though limited in scope,
this research paves the way for future research, in looking at cost growth as a near-term
trend than a long-term burden.

The second part to this question is a bit more blurry than the first. While there still
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remain distinctions between both perspectives, both hold a pretty common trend of
current performance dictating future performance. Very little significance was found
between characteristics of programs (i.e. size, length) for both tiers. This makes it harder
to distinguish the differences between the two. Overall, the predictor variables seem to
be consistent between both perspectives, although the significance varies among them.

2 — Are there differences in cost growth trends from a cross-sectional
perspective, than that of the overall program?

With respect to both Tier I and Tier Il evaluations, the color ratings that were
defined, and the available data, the answer is yes. 47 total relationships were found to be
significant at «=0.10. 65% of the significant predictor variables were color ratings of
previous performance. This highlights the fact that, while there are some program traits
that lend to a given cost growth pattern, the overwhelming response of cost growth is
previous performance. This reiterates previous studies in that the importance lies with
making maximum effort to minimize cost growth early in a programs lifecycle, to ensure

minimal cost growth in the future.

Findings

The biggest finding was the undisputed influence DTE has on cost growth
relationships that are found to be significant. This is perhaps the big-picture take away
from this research, in that it is a key indicator for management as to where cost growth
performance has been, and where it will continue to go. DTE really appears as the crux
of the program, solidifying the cost growth fate, as you may have it. These findings echo

the previous work of Rosado (2011) which uses regression analysis to show DT&E as a
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level 3 WBS element is a significant driver for overall program EAC growth.

However, when you look at the overall results from a bigger picture perspective,
both the predictor and response variables are fairly evenly distributed over the phase of
the lifecycle impacted. This held true for both Tier I and Tier Il findings. Figures 14
through 17 show the breakout of occurrences each program review appeared in either the
predictor or response variable respectively. Note that the “Other” category for predictor
responses accounts for any descriptive variable not defined as a program review point.

The ambiguity of predictor and response variables within significant findings,
make this research hard to project a summary result for management use. The interweb
of relationships makes for a very complex environment, making it unclear as to which

factors can really help management project their color rating risk.

Tier | Preditctor Variables
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m LRS

m OTHER

Figure 14: Tier | Predictor Variable Breakout
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Tier Il Predictor Variables
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Figure 15: Tier 1l Predictor Variable Breakout

Tier | Response Variables
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Figure 16: Tier | Response Variable Breakout
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Tier Il Response Variables
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Figure 17: Tier 11 Response Variable Breakout

Limitations

We recognize several major limitations of this research, which may impact the
applicability to real-world scenarios. First and foremost, the results are a product of the
inputs. That being said, the limitations of our data collection filter through to weaker
results. As mentioned earlier, the inherent issues with the SAR pass through to create
issues within our database. Most notably, the magnitude of missing review dates really
impacted the ability to analyze cost growth performance from a longitudinal perspective.
Every missing date impacts at least two data points. With an already limited data set, this

further reduces the sample size available at each testing interval.

For further research on this database, or for a continuation of its progress, a dive
into additional sources to help complete and validate data would be essential in
improving the results. It is recommended to visit sources of hardcopy SAR data to help

with older program information. There were a variety of aircraft programs that were
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excluded due to the unavailability of data, which could be added in to the population
given it can be located.

Another limitation to the analysis is the subjectivity of how the color ratings are
applied. This research considers Green to represent cost growth of 1 or below. Many
would argue that programs are still satisfied with risk if their cost growth falls just
slightly above 1. The subjective nature can lead to varying results, potentially changing
the analysis all together. Understanding this limitation is necessary in evaluating

programs in question.

Recommendations for Future Research

Recommendations for future research encourage the exploration and use of the
original SAR database, as well as our modified research database. Whereas our research
is the first to explore predicting cost growth risk from a longitudinal perspective, it should
be acknowledged that follow-on research and other methodologies used to predict cost
growth should be encouraged. The cost estimating community can only estimate the
known, but as this research has shown, there are many ways cost growth can be analyzed
to help decision makers best prepare for known outcomes. Further exploration is highly
encouraged to help refine the concept of short-term cost growth analysis. Ways in which
this research can be carried forward include:

e Collect more SAR data to further populate our research database with more
both more programs, and with population of missing data. This could help
confirm the significance of predictor variables, and perhaps identify new ones
as well.

e Perform analysis with a different cost rating scale. Perhaps a survey of

program experts could help depict what real-world breakpoints would be
useful for Green, Amber and Red distinguishers.
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e Apply this research method to programs outside of Aircraft. While new
program review markers would have to be identified (for instance, First
Flight), the application of the longitudinal perspective to other programs
would be interesting.

e Develop a statistical model for this analysis. While this research only carries

as far as identifying the significant variables, it could be continued to develop
a model for real-world application.

Chapter Summary

This chapter discusses the relevant findings, limitations, and future research
opportunities available for continued analysis. This research serves as a stepping stone for
future efforts. The findings contained within this research bridge a gap between previous
longitudinal studies, particularly as it relates to a program. This research finds itself
sandwiched between high-level timeline studies, and detailed EVM studies on individual
contracts.

The application of color ratings to cost growth facilitates a new perspective and
perhaps a more hands-on approach for management involvement. This research should
serve as a tool to help bring cost growth analysis to the forefront of decision making, with
a simple and easily identifiable system. While exploratory in nature, the analysis of
variables against this color rating system has validated findings in previous cost growth

studies, as well as highlighted new areas for further investigation.
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Appendix A
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Figure Al: CGF Distribution Summary for CA-CDR
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Figure A2: CGF Distribution Summary for CA-FF
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Figure A3: CGF Distribution Summary for CA-DT
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Figure A4: CGF Distribution Summary for CA-10C
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Figure A5: CGF Distribution Summary for CA-LRS
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Figure A6: CGF Distribution Summary for CDR-FF
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Figure A7: CGF Distribution Summary for COR-DTE
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Figure A8: CGF Distribution Summary for CDR-10C
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Figure A9: CGF Distribution Summary for CDR-LRS
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Figure A10: CGF Distribution Summary for FF-DTE
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Figure All: CGF Distribution Summary for FF-10C
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Figure A12: CGF Distribution Summary for FF-LRS
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Figure A13: CGF Distribution Summary for DTE-10C
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Figure A15: CGF Distribution Summary for 10C-
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Appendix B
Table B1: Contingency Table Results for Red2 given Red

4 |=|Contingency Table

Red
Count |0 1 Total
Expected
g 0 17 0 17
= 14,25 272
1 4 4 g
6.72 1.28
Total 21 4 25
4 Tests
N DF  -lLoglike RSquare (U)
25 1 544656095 0.4955
Test ChiSquare Prob=ChiSq
Likelihood Ratio 10.893 0.0010*
Pearson 10.119 0.0015"
Fisher's
Exact Test Prob Alternative Hypothesis
Left 1.0000 Prob(Red=1) is greater for Red 2=0 than 1
Right 0.0055" Prob(Red=1) is greater for Red 2=1 than 0
2-Tail 55% Prob(Red=1) is different across Red 2

Table B2: Contingency Table Results for Green2 given Green

4 |=|Contingency Table

Green
Count |0 1 Total
oy EXpected
< 0 13 2 15
&_’ 08 5.4
1 3 7 10
64 36
Total 16 9 25
ATests
N DF  -Loglike RSquare (U)
25 1 43366848 0.2655
Test ChiSquare Prob:ChiSq
Likelihood Ratio B.673 ’
Pearscn §.362
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9997 Prob(Green=1) is greater for Green 2=0 than 1
Right 0.0065% Prob(Green=1) is greater for Green 2=1 than 0
2-Tail 0.0020° Prob(Green=1) is different across Green 2
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Table B3: Contingency Table Results for Green5 Given Red3

Green 5
4 = Contingency Table
Red 3

Count |0 1 Total
| Expected
< 0 5 16 21
é 7.77778|13.2222

1 5 1 ]

2.22222(3.77778
Total 10 17 27
4 Tests
N DF -Loglike RSquare (U)
27 1 3.5673883 0.2004

Test ChiSquare Prob>ChiSq
Likelihcod Ratic 7.135 0.0076*
Pearsen 7.090 a
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0152* Prob(Red 3=1) is greater for Green 5=0 than 1
Right 0.9993 Prob(Red 3=1) is greater for Green 5=1 than 0
2-Tail 0.0152* Prob(Red 3=1) iz different across Green 3

Table B4: Contingency Table Results for Red3 given Green2

4/~ Contingency Table

Green 2
Count |0 1 Total
Expected
: a 3 7 10
& 6.2963| 3.7037
1 14 3 17
10.7037| 6.2963
Total 17 10 27
A Tests
N DF  -lLoglike RSquare (U)
27 1 37664872 0.2116
Test ChiSquare Prob>ChiSq
Likelihood Ratic 7.533 0.0061*
Pearson 7.400 0.006
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0104* Prob(Green 2=1) is greater for Red 3=0 than 1
Right 0.9993 Prob(Green 2=1) is greater for Red 3=1 than 0
2-Tail 0.0127% Probk(Green 2=1) is different across Red 2
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Table B5: Contingency Table Results for Red5 given Modification

Red 5
4 = Contingency Table
_ Medification
Count [0 1 Total
Expected
ks 1] 2 8 10
3 5.33333|4.66667
1 14 6 20
10.6667 [9.33333
Total 16 14 30
A Tests
N DF -Loglike RSquare (U)
30 1 3.5063890 0.1692
Test ChiSquare Prob>ChiSq
Likelihood Ratio 7.013 0.0081
Pearson 6.696 0.0097*
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0121* Prob{Modification=1) is greater for Red 5=0 than 1
Right 0.9989 Prob{Medification=1) is greater for Red 5=1 than 0
2-Tail 0.0187* Prob{Medification=1) is different across Red 5

Table B6: Contingency Table Results for Red4 given Red?2

Red 4
4 = Contingency Table
Red 2
Count |0 1 Total
Expected
=10 1 1 12
g 8 4 |
1 5 7 12
8 4
Total 16 8 24
ATests
N DF  -LoglLike RSquare (U)
24 1 3.683980 0.2412
Test ChiSquare Prob>ChiSq
Likelihood Ratio 7.368 0.0066
Pearson 6.750 0.0054*
Fisher's
BExact Test Prob Alternative Hypothesis
Left 0.9993 Prob(Red 2=1) is greater for Red 4=0 than 1
Right 0.0126" Prob(Red 2=1) is greater for Red 4=1 than 0
2-Tail 0.0272* Prob(Red 2=1) is different across Red 4

70



Table B7: Contingency Table Results for Red given Large

4~/ Contingency Table

Large
Count |0 1 Total
Expected
T 0 19 2 21
e« 16.8 4.2
il 1 3 4
3.2 08
Total 20 5 25
4 Tests
N DF  -Loglike RSquare (U)
25 1 3.6563838 0.2623
Test ChiSquare Prob>ChiSq
Likelihood Ratic 7.313 0.0068*
Pearson 0.003
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9996 Prob(Large=1) is greater for Red=0 than 1
Right 0.0162* ProblLarge=1) is greater for Red=1 than 0
2-Tail 0.0162* Prob(Large=1) is different across Red

Table B8: Contingency Table Results for Red2 given Prototype

4~ |Contingency Table

Prototype
Count |0 1 Total
Expected
i [1] 14 5 19
& 10.7667 |8.23333
1 3 g 11
6.23333|4.76667
Total 17 13 30
4 Tests
N DF  -Loglike RSquare (U)
30 1 31311257 0.1325
Test ChiSquare Prob>ChiSq
Likelihcoed Ratic 6.262 0.0123*
Pearson 6.111 0.0134*
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9981 Prob(Prototype=1) is greater for Red 2=0 than 1
Right 0.0179* Prob(Prototype=1) is greater for Red 2=1 than 0
2-Tail 0.0227 Prob(Prototype=1) is different across Red 2
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Table B9: Contingency Table Results for Green5 given Green2

Green 3
4 = Contingency Table
Green 2
Count [0 1 Total
| Expect |
(0 17, & 23
E_ 140063 8.90323
1 2 & g
| 4.90323 3.09677 | |
Tatal 1% 12 1
A Tests
N DF  -Loglike RSquare (U)
E3| 1 29905185 0.1445
Test ChiSquare Prob> ChiSq
Likelihood Ratio 5.981 0.0145°
Pearson 5.985 0.0144°
Fisher’s
Exact Test Prob Alternative Hypothesis
Laft 0.9880 Prob(Green 2=1) is greater for Green 5=0 than 1
Right 0.0220° Prob{Green 2=1) is greater for Green 5=1 than 0
2-Tail 0.0316" Prob({Green 2=1) is different across Green 5

Table B10: Contingency Table Results for Green5 given Green3

Green 5
4 = |Contingency Table
Green 3
Count [0 1 Total
in| Expected [
c 0 18 3 21
g 15.5556 |5.44444
Y[ 2 4 6
4.44444 1.55556
Total 20] 7| 27
ATests
N DF  -Loglike RSquare (U)
27 1 32.0200512 0.1955
Test ChiSquare Prob>ChiSq
Likelihood Ratio 6.040 0.0140*
Pearson 6.667
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9986 Prob(Green 3=1) is greater for Green 5=0 than 1
Right 0.0239* Prob(Green 3=1) is greater for Green 5=1 than 0
2-Tail 0.0239" Prob(Green 3=1) is different across Green 5
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Table B11: Contingency Table Results for Red5 given Green

Red 5
4 =/ Contingency Table
Green
Count |0 1 Total
Expected
; Q k] 6 9
o 376 324 |
1 13 3 16
| ID.Z-‘vII 5.76| |
Total 16| 9| 25
4 Tests
N DF  -lLoglike RSquare (U)
25 1 2.8855863 0.1766
Test ChiSquare Prob>Chisq
Likelihood Ratio 5771 0.0163*
Pearscn 5.740 0.0166*
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0252° Prob(Green=1) is greater for Red 5=0than 1
Right 0.9978 Prob(Green=1) is greater for Red 5=1 than 0
2-Tail 0.0308* Prob(Green=1) is different across Red 5

Table B12: Contingency Table Results for Red2 given Medium

A= | Contingency Table

Med
Count |0 il Total
Expected
: 1] 10 10 20
= 12.9032|7.09677
1 10 1 11
7.09677|3.90323
Total 20 11 31
ATests
N DF  -Loglike RSquare (U)
31 1 29481652 0.1462
Test ChiSquare Prob>ChiSqg
Likelihood Ratio 5.806 0.0152*
Pearzon 5.188 0.0227*
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0260* Prob(Med=1) is greater for Red 2=0 than 1
Right 0.9980 Prob(Med=1) is greater for Red 2=1 than 0
2-Tail 20,0472 Prob(Med=1) is different across Red 2
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Table B13: Contingency Table Results for Red5 given Red2

Red 5
4 = Contingency Table
Red 2
Count |0 1 Total
Expected . _
2 0 10 1 11
& 7.09677 |3.90323 | |
1 100 10 20
12.9032 |7.09677
Total 200 11 31
4 Tests
N DF  -Loglike RSquare (U)
31 1 29481602 0.1462
Test ChiSquare Prob>ChiSq
Likelihood Ratio 5.896 0.0152"
Pearson 5.188 0.0227*
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9980 Prob(Red 2=1) is greater for Red 5=0 than 1
Right 0.0260" Prob(Red 2=1)1s greater for Red 5=1 than 0
2-Tail 0.0472* Prob(Red 2=1) is different across Red 5

Table B14: Contingency Table Results for Amber2 given Amber

4 [=|Contingency Table

Amber
Count |0 1 Total
o~ Expected
g 0 12 b 18
£ 0,36 8.64
<1 1 ] 7
3.64 336
Total 13 12 25
A Tests
N DF -Loglike RSquare (U)
25 1 29806049 0.1722
Test ChiSquare Prob>ChiSq
Likelihood Ratio 5.961 0.0146*
Pearscn 5,540 0.0186*
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9984 Prob(Amber=1) is greater for Amber 2=0 than 1
Right 0.0266* Prob{Amber=1) is greater for Amber 2=1 than 0
2-Tail 0.0207 Prob{Amber=1) is different across Amber 2
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Table B15: Contingency Table Results for Red3 given <180 Months

||||||||||||| -

4 |=|Contingency Table

Red 3
= Count |0 1 Total
= Expected
|0 1 ] 10
g 3.7037) 6.2963
§ 1 ] g 17
6.2063/10.7037
Total 10 17 27
A Tests
N DF  -loglike RSquare (U)
27 1 27922145 0.1569
Test ChiSquare Prob>ChiSq
Likelihcod Ratic 5.584 0.0181%
Pearscn 4,979 0.0257
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0311% Probk(Red 3=1) is greater for Months <180=0 than 1
Right 0.9977 Probk(Red 3=1) is greater for Months <180=1 than 0
2-Tail 0.0415* Prob(Red 3=1) is different across Months <180

Table B16: Contingency Table Results for Green3 given Red2

4 [~ Contingency Table

Fed 2
Count [0 1 Total
oo ExpEcted
z 0 11 a 20
Ii_ﬂ 13.3333 |b.6066T
1 7 0 7
4,66667 |2.33333
Total 18 a 27
4 Tests
N DF  -Loglike RSquare (U)
27 1 3.4231063 0.1992
Test ChiSquare Prob>ChiSq
Likelihood Ratio 6.546 0.0089*
Pearson 4725 0.0297*
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0358* Prob(Red 2=1) is greater for Green 3=0 than 1
Right 1.0000 Prob(Red 2=1) is greater for Green 3=1 than 0
2-Tail 0.0593 Prob(Red 2=1) is different across Green 3
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Table B17: Contingency Table Results for Green2 given Prototype

4~ Contingency Table

Prototype
Count (0 1 Total
-~y Expected
c 0 & 11 19
g 10.7667 |8.23333
1 9 2 11
6.23333 [4.76667
Total 17 13 30
4 Tests
N DF  -Loglike RSquare (U)
30 1 23794602 0.1139
Test ChiSquare Prob>ChiSq
Likelihcod Ratic 4,759 0.0291*
Pearscn 4.474 0.0344*
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0396* Prob(Prototype=1) is greater for Green 2=0 than 1
Right 0.9951 Prob(Prototype=1) is greater for Green 2=1 than 0
2-Tail 0.0575 Prob(Prototype=1) is different across Green 2

Table B18: Contingency Table Results for Green3 given Amber2

4 =|Contingency Table

Amber 2
Count |0 1 Total
ol Expected
c 0 12 ] 20
£ 14,0741 |5.92593
“ln 7 0 7
4,92593 |2.07407
Total 19 g 27
ATests
N DF  -Loglike RSquare (U)
27 1 294748091 0.1796
Test ChiSquare Prob>ChiSq
Likelihood Ratio 5.8095 0.0152
Pearson 1.979 0.0461*
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0567 Prob(Amber 2=1) is greater for Green 3=0 than 1
Right 1.0000 Prok(Amber 2=1) is greater for Green 3=1 than 0
2-Tail 0.0681 Prob{Amber 2=1) i= different across Green 3
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Table B19: Contingency Table Results for Amber given Pre-1997

4 [=|Contingency Table

Pre 1997
Count |0 1 Total
N Expected
2o 5 g 13
E 7.28 572
1 ] 3 12
6.72 5.28
Total 14 11 25
A Tests
N DF  -Loglike RSquare (U)
25 1 1.7386035 0.1014
Test ChiSquare Prob>ChiSq
Likelihcod Ratic 3477 0.0622
Pearson 3.381 0.0660
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0748 Prob(Pre 1997=1) is greater for Amber=0 than 1
Right 0.9886 ProbiPre 1997=1) is greater for Amber=1 than 0
2-Tail 0.1107 Prob(Pre1897=1) is different across Amber

Table B20: Contingency Table Results for Amber2 given Medium

4 [=|Contingency Table

Med
Count (O 1 Total
~o| Expected
E 0 17 6 23
£ 14,8387 |8.16129
e 1 3 5 &
2.16129|2.83871
Total 20 kil 31
ATests
N DF  -Loglike RSquare (U)
31 1 1.6684207 0.0828
Test ChiSquare Prob>Chi5Sq
Likelihood Ratio 3.337 0.0677
Pearson 3438 0.0637
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9880 Prob(Med=1) is greater for Amber 2=0 than 1
Right 0.0787 Prob(Med=1) is greater for Amber 2=1 than 0
2-Tail 0.0847 Prob(Med=1) is different across Amber 2
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Table B21: Contingency Table Results for Amber given Navy

4 = Contingency Table

M
Count |0 1 Total
Expected
20 10 3 13
_g 18 5.2
1 5 7 12
1.2 48
Total 15 10 25
£ Tests
N DF  -Loglike RSquare (U)
25 1 1.6523186 0.0952
Test ChiSquare Prob>ChiSq
Likelihood Ratio 3.305 0.0691
Pearson 3.232 0.0722
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9873 Prob(NV=1) is greater for Amber=0 than 1
Right 0.0820 Prob{NV=1) is greater for Amber=1 than 0
2-Tail 0.1107 Prob(MNV=1) is different acrozs Amber

Table B22: Contingency Table Results for Green4 given Red2

4 »|Contingency Table

Red 2
Count |0 1 Total
Total %
Col %
Row %
- 0 8 7 15
< 3333| 2917 6250
g 50.00| 8750
53.33| 4667
1 ] 1 Q
3333 417 3750
50.00| 12.50
8889 11.11
Total 16 ] 24
66.67 3333
ATests
N DF  -Loglike RSquare (U)
24 1 1.7730015 0.1161
Test ChiSquare Prob>ChiSq
Likelihood Ratio 3.546 0.0597
Pearson 3.200 0.0736
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0875 Prob(Red 2=1) is greater for Green 4=0 than 1
Right 0.9913 Prob(Red 2=1) is greater for Green 4=1 than 0
2-Tail 0.1782 Prob(Red 2=1) iz different across Green 4
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Table B23: Contingency Table Results for Green4 given Red3

Green 4
4 [=|Contingency Table
Red 3
Count |0 1 Total
= Expected
(0 3 12 15
@
4 5 10
dF 5 4 9
3 ]
Total g 16 24
A Tests

N DF  -lLoglike RSquare (U)

24 1 1.5876495 0.1039
Test ChiSquare Prob:ChiSq
Likelihood Ratio 3.175 0.0748
Pearson 3.200 0.0736
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0907 Prob(Red 3=1) is greater for Green 4=0 than 1
Right 0.9873 Prob(Red 3=1) is greater for Green 4=1 than 0
2-Tail 0.0984 Prob(Red 3=1) is different across Green 4

Table B24: Contingency Table Results for Red4 given Green2

Red 4
4 =|Contingency Table
Green 2
Count |0 1 Total
Expected
. 1 |
= 0 6 B 12
= 8 4
1 10 2 12
. 8 4
Total 16 8 24
ATests
N DF  -Loglike RSquare (U}
24 1 15518304 0.1016
Test ChiSquare Prob>ChiSq
Likelihood Ratio 3.104 0.0781
Pearson 3.000 0.0833
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0965 Prob(Green 2=1) is greater for Red 4=0 than 1
Right 09864 Prob(Green 2=1) is greater for Red 4=1 than 0
2-Tail 0.1930 Prob(Green 2=1) is different across Red 4
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Table B25: Contingency Table Results for Red4 given Red3

Red 4
4 = Contingency Table
Red 3

Count |0 1 Total

|Expected |
: 0 B 6 12|
& 4 & [

1 2 10 12|

¥ 4 4 8 4

Total 8| 16 24

ATests
N DF -Loglike RSquare (U)
24 1 15518394 0.1016

Test ChiSquare Prob>ChiSq
Likelihood Ratio 3104 0.0781
Pearson 3.000 0.0833
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9864 Prob(Red 3=1) is greater for Red 4=0 than 1
Right 0.0965 Prob(Red 3=1) is greater for Red 4=1 than 0
2-Tail 0.1920 Probi{Red 3=1) is different across Red 4

Table B26: Contingency Table Results for Green given Pre-1997

4 |=|Contingency Table

Pre 1997
Count |0 1 Total
Expected
80 11 5 16
G 5.06 7.04
1 3 & 9
5.04 3.96
Total 14 11 25
4 Tests
N DF  -Loglike RSquare (U)
25 1 14822355 0.0864
Test ChiSquare Prob>ChiSq
Likelihood Ratic 2.964 0.0851
Pearzcn 2,932 0.0868
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9841 Prob(Pre 1997=1) is greater for Green=0than 1
Right 0.0882 Prob{Pre 1997=1) is greater for Green=1 than 0
2-Tail 0.1153 Prob{Pre 1987=1) iz different across Green
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Table B27: Contingency Table Results for Red2 given Large

4 |=|Contingency Table

Large
Count |0 1 Total
Expected
[ 18 2 20
= 16.129(3.87097
1 7 4 alal
8.87097)2.12903
Total 25 6 31
4 Tests
N DF  -Loglike RSquare (U)
31 1 1.5191915 0.0997
Test ChiSquare Prob:ChiSq
Likelihood Ratio 3.038 0.0813
Pearson 3.160 0.0755
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9868 Prob(Large=1) is greater for Red 2=0 than 1
Right 0.0983 Prob(Large=1) is greater for Red 2=1 than 0
2-Tail 0.1510 Prob(Large=1) is different across Red 2
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Appendix C
Table C1: Contingency Table Results for Greenl10 given Air Force

4~ Contingency Table

Green 10
Count |0 1 Total
Expected
o |0 i ] 13
& 941379 3 58621
1 14 2 16
11.58624.41379
Total 21 8 29
ATests
N DF  -Loglike RSquare (U)
29 1 2.0803392 0.1218
Test ChiSquare Prob>Chi5q
Likelihood Ratio 4,161 0.0414*
Pearscn 4,067 0.0437*
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0547 Prob(Green 10=1) is greater for AF=0 than 1
Right 0.9933 Prob(Green 10=1) is greater for AF=1 than 0
2-Tail 0.0923 Prob(Green 10=1) is different across AF

Table C2: Contingency Table Results for Green10 given Navy

L

4 ~|Contingency Table

Green 10
Count |0 1 Total
Expected
[0 14 2 16
= 11.5862[4.41379
1 7 6 13
9.41379(3.58621
Total 21 8 29
4 Tests
N DF  -Loglike RSquare (U)
29 1 208033092 0.1218
Test ChiSquare Prob=ChiSq
Likelihood Ratio 4,161 0.0414*
Pearscn 4,067 0.0437*
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9933 Prob(Green 10=1) is greater for NW=0 than 1
Right 0.0347 Prob(Green 10=1) is greater for NW=1 than 0
2-Tail 0.0923 Prob(Green 10=1) is different across NV
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Table C3: Contingency Table Results for Red10 given Green6

4 |~/ Contingency Table

Red 10
Count (0 1 Total
o Expected
s 1] 4 a 13
2 6.19045 |6.80052
Yl 6 2 8
3.80052 |4.10048
Total 10 abl 21
4 Tests
N DF  -Loglike RSquare (U)
21 1 2.0094481 0.1383
Test ChiSquare Prob=ChiSq
Likelihood Ratic 4,019 0.0450*
Pearson 3.884 0.0487*
Fisher's
Exact Test Prob Alternative Hypothesis
Left 00635 Prob(Red 10=1) is greater for Green 6=0 than 1
Right 0.9933 Prob(Red 10=1) is greater for Green 6=1 than 0
2-Tail 0.0805 Prob(Red 10=1) is different across Green 6

Table C4: Contingency Table Results for Green15 given Modification

4 = Contingency Table

Green 15
Count |0 il Total
o|Expected
a0 13 3 16
£ 10.6667[5.33333
2‘2 1 S 6 11
7.33333|3.66667
Total 18 9 27
ATests
N DF -Loglike RSquare (U)
27 1 1.8855399 0.1097
Test ChiSquare Prob>ChiSq
Likelihood Ratio 3 0.0521
Pearson 3.759 0.0525
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9910 Prob{Green 15=1) iz greater for Modification=0 than 1
Right 0.0642 Prob{Green 15=1) is greater for Modification=1 than 0
2-Tail 0.09689 Prob({Green 15=1) is different across Modification
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Table C5: Contingency Table Results for Green13 given Green6

Green 6
4 =/ Contingency Table
Green 13
Count |0 1 Total
o Expected
S 0 3 9 12
b= 5.05263 (6.94737
i 5 2 7
2.94737 (4.05263
Total g 11 139
£ Tests

N DF  -Loglike RSquare (U)

19 1 19950514 0.1544
Test ChiSquare Prob>ChiSq
Likelihood Ratio 3.002 0.0457*
Pearson 3.009 0.0480*

Warning: Average cell count less than 5, LR ChiSquare suspect.

Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0674 Prob(Green 13=1) is greater for Green 6=0 than 1
Right 0.9937 Prob(Green 13=1) is greater for Green 6=1 than 0
2-Tail 0.0739 Prob(Green 13=1) is different across Green 6

Table C6: Contingency Table Results for Green6 given Amber

4 =/ Contingency Table

Amber
Count |0 1 Total
of Expected
c 0 5 9 14
P 7.28 6.72
Y1 8 E] 11
572 5.28
Total 13 12 25
ATests
N DF -LoglLike RSquare (U)
25 1 1.7386035 0.1004
Test ChiSquare Prob>ChiSq
Likelihood Ratio 3477 0.0622
Pearson 3.381 0.0660
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0749 Prob{Amber=1) is greater for Green 6=0 than 1
Right 0.9886 Prob(Amber=1) is greater for Green 6=1 than 0
2-Tail 0.1107 Prob(Amber=1) is different across Green 6
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Table C7: Contingency Table Results for Green13 given Red6

Ve

4|~ |Contingency Table

Green 13

Count |0 1 Total

Expected
§ 0 g 7 15
& 6.31579 (8 68421

1 0 4 4

168421231579
Total 8 11 19
£ Tests
N DF  -Loglike RSquare (U)
19 1 2.5681106 0.1986
Test ChiSquare Prob>ChiSq
Likelihood Ratio 5.136 0.0234*
Pearscn 3.685 0.0549
Warning: Average cell count less than 5, LR ChiSquare suspect.

Fisher’'s
Exact Test Prob Alternative Hypothesis
Left 1.0000 Prob(Green 13=1) is greater for Red 6=0 than 1
Right 0.0851 Prob{Green 13=1) is greater for Red 6=1 than 0
2-Tail 0.1032 Prob(Green 13=1) is different across Red 6

Table C8: Contingency Table Results for Amber15 given Red6

4 = | Contingency Table

Amber 15

Count |O 1 Total

Expected
g ] b 7 15
o 6.31579 |8.68421

1 0 4 4

1.68421 (2.31579
Total g 11 19
£ Tests
N DF -Loglike RSquare (U)
14 1 25681106 0.1986
Test ChiSquare Prob>ChiSq
Likelihood Ratio 5.136 0.0234*
Pearscn 3.685 0.0549
Warning: Average cell count less than 5, LR ChiSquare suspect.

Fisher's
Exact Test Prob Alternative Hypothesis
Left 1.0000 Prob{Amber15=1) is greater for Red 6=0 than 1
Right 0.0851 Prob{Amber 15=1) is greater for Red 6=1 than 0
2-Tail 0.1032 Prob{Amber 15=1) is different across Red &
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Table C9: Contingency Table Results for Amber15 given Green10

(1] = ~ TR V)

4~ |Contingency Table

Amber 15
Count |0 1 Total
o| BExpected
1] 7 11 18
@ g g
(1 5 1 ]
3 3
Total 12 12 24
4 Tests
N DF -Loglike RSquare (U)
24 1 1.9036925 0.1144
Test ChiSquare Prob>ChiSq
Likelihood Ratio 3,807 0.0510
Pearscn 3.356 0.0593
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.0775 Prob{Amber 15=1) is greater for Green 10=0 than 1
Right 0.9931 Prob{Amber 15=1) is greater for Green 10=1 than 0
2-Tail 0.1550 Prob(Amber 15=1) is different across Green 10

Table C10: Contingency Table Results for Amber15 given Amber10

Amber 10
4 |=|Contingency Table
Amber 15
Count (O 1 Total
| Expected
=
=0 11 7 18
0
£ a g
(1 1 5 &
3 3
Total 12 12 24
ATests

N DF  -Loglike RSquare (U)

24 1 19036925 0.1144
Test ChiSquare Prob>ChiSq
Likelihood Ratio 3,807 0.0510
Pearson 3.556 0.0593
Fisher's
Exact Test Prob Alternative Hypothesis
Left 0.9931 Prob(Amber 15=1) is greater for Amber 10=0 than 1
Right 0.0775 Prob(Amber 15=1) is greater for Amber 10=1 than 0
2-Tail 0.1550 Prob(Amber 15=1) iz different across Amber 10
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